SAMSUNG SDS

Redlize your vision

Techtonic
2019

Partner ...

A

Foresee

A
A

Disrupt

2019.11.14 « SAMSUNG SDS Tower B1F

{ Magellan Hall}



Track 1| Al/Analytics

Partho Ricky Datta (Al Engineering Team) / &f4dSDS




AG

—~NDA

1. Brightics DL

2. Auto Labeling
3. Distributed Model Training

4. Use Cases



l

Brightics DL




Deep Learning Platform? Why?
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Brightics DL
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Auto Labeling




with Brightics Al

I%%

o sig@abtorg 2ofojx| L} x|
Brightics Al 5o/, A{14 80% G[O|EIS 2t

Copyright © 2019 Samsun g SDS. All rights reserved. SAMSUNG SDS



Auto Labeling £2| O|5lio}2] (1/2)

L1

of|A| 2 unlabeled datag 2 2s5jE2}

® 100% - Sha LR
Unlabeled M Labeling B
Data 0

® %
Unlabeled M Labeling
Data >

D
Active 9 Unlabeled i =z
. Data 95%,
Learning

® 5% F7t
e M Labeiing @SS

»




Auto Labeling £ 2| O|5lio}2] (2/2)

=
L

StEH[OIEE

CllOJE{S etSoll7IEHAM B2totA|

Y

LS —

S2|AE S 1B
AfztollA| 2|

X510] CHE G|O|E{] CHEHAISH AL labelingS 25 5,
/0] E{ 242+ AL2LO|7 labeling 27} 22

\
|
o | °
. I
.... o ©®
4 0@
O 7 9@
- \ .
Rl e . O
® |
‘...p", . . I
-
.-*"- . . .. : .
|
. 1
~ |
a ]

S H ST CHMA|
oz 22



Auto Labeling 22} O|5{S}?] (ciassification)
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Coming Soon--
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Brightics DL Architecture Diagram Samsung SDS Proprietary

Intellectual Property

> 86,000 Lines of Code
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Brightics DL - Usage

In [ ]: estimator = Estimator.NewClassificationEstimator(model fn=my model function_with_mnist)
name = "BestModelEstimator" + str(time.time()).replace(".", "")
estimator = Estimator.create(name, "Hello", estimator)

hyper_parameters 3 ams(it- Lans=50000, batch size=10)
rC = RunCon-Flg summary_save_frequency=5000, run_eval=True, use_ gpu=False,

checkpoint freque steps: e

exper = Experiment.run(experiment_name="BestModelEstimator"” + str(time.time()).replace(".", ""),
description="Really first model"”,
estimator=estimator,
hyper parameters=hyper_parameters,
run_config=rc,
dataset version split=None,
input_function=input_function)

job = exper.get single job()

print(job. dict )

print("")

print("tensorboard url™)

print(job.get tensorboard url())

job.has finished()

job.wait _until finish()



Brightics DL (Shipping Today) -
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Brightics DL - Horovod Performance
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8 16 32 64 128

T TensorFlow

No GPUs | Images/sec | Scale factor
1 1 31

2 2 54 1.75

3 4 84 1.57

4 8 164 1.95

5 16 339 2.07

6 32 599 1.77

7 64 1152 1.92

8 128 1984 1.72




Brightics DL - Available Now
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Use Cases
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Summary

1. Brightics DL,

2. Auto Labeling,

3. Distributed Model Training,
4.
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